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Abstract

This research aims to compare methods for selecting key characteristics to enhance the prognosis
of diabetes. Its objective is to develop a diabetes screening process based on data obtained from
individuals undergoing diabetes screening. Diabetes ranks as a leading non-communicable disease and
represents a primary global health concern, according to the World Health Organization (WHO). There's a
growing trend in fatalities due to non-communicable diseases globally. Annually, approximately 15 million
deaths occur within the 30-69 age group due to non-communicable diseases. In Thailand, males exhibit
higher mortality rates than females. Commonly observed symptoms among individuals with diabetes
include frequent urination, increased thirst, unexplained weight loss, fatigue, increased hunger, fungal
infections, blurred vision, itchy skin, irritability, slow-healing wounds, numbness, muscle stiffness, hair loss,
and abnormal fat accumulation in various body parts. The research compared the 16 characteristics of
diabetes to refine methods for selecting crucial features that significantly improve disease prognosis. The
aim is to enhance understanding regarding the most suitable feature selection methods for diabetes

screening. Furthermore, the study endeavors to provide valuable information for developing future
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strategies in managing and treating this condition effectively. Moreover, the research aims to increase the
efficiency of diabetes screening to reduce risks and enable effective early-stage treatment.

Keywords: Diabetes, Diabetes screening, Feature Selection.
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2.1 Forward Selection
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6. Evolutionary Selection 16 94.44% 13 94.49%
7. Backward Elimination 16 93.68% 16 95.31%
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