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APPLICATION OF DEEP LEARNING TECHNOLOGY TO CREATE A WEB APPLICATION
FOR CORN LEAF DISEASE ANALYSIS
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Abstract

This research aims to develop a web application for analyzing corn leaf diseases by applying
deep learning techniques based on object detection to identify disease types from corn leaf images. The
proposed system employs the YOLOv11 architecture to detect and classify three types of corn leaf
diseases: corn common rust, downy mildew, and corn leaf blight. The dataset used in this study consists
of 450 corn leaf images, which were divided into training and testing sets at a ratio of 50:50. Due to the
limited size of the dataset, the focus is on practical application rather than competing on accuracy, in
order to reduce the problem of overfitting. The system performance was evaluated using standard
metrics, including accuracy, precision, recall, and F1-score.

Experimental results demonstrate that the proposed model can effectively detect and classify
corn leaf diseases with satisfactory accuracy and can be deployed in real-time through a web application.
The findings indicate the potential of deep learning-based object detection techniques to support plant
disease analysis and contribute to the advancement of precision agriculture in the future.

Keywords : Corn Diseases, Image Processing, YOLO, Deep Learning, Web Application
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