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ABSTRACT. The aim of this paper is to establish the sufficient optimality conditions for a
class of nondifferentiable multiobjective generalized minimax fractional programming prob-
lems involving (F, «, p, d, #)-univex functions. Subsequently, we apply the optimality condi-
tion to formulate a dual model and prove weak, strong and strict converse duality theorems.
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1. INTRODUCTION

Fractional programming is a nonlinear programming method that has knows in-
creasing exposure in the last few decades. Interest of this subject was generated by
the fact that various optimization problems from engineering and economics con-
sider the minimization of a ratio between physical and/or economical functions, for
example cost/time, cost/volume, cost/profit, or other quantities that measure the
efficiency of a system. For example, the productivity of industrial systems, defined
as ratio between the realized services in a system within a given period of time and
the utilized resources, is used as one of the best indicators of the quality of their
operation. See Stancu-Minasian’s book [21] which contains the state-of-the art
theory and practice developments.
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Consider the following multiobjective generalized fractional programming prob-
lem [7]:

min E(z) = (Ey(z), Ea2(2), ---vEp(fL'))T’
subject to

() = (g1(x), g2(), oy gr (@) <0,
re X,

(GFPP)

where E;(x) = maxw,i =1,2,...,p.
veY hi(z,y) — Vi(z)

In addition, X is a closed convex subset of R" and Y is a compact subset of
R™, fi(z,y) : X XY — R, hi(z,y) : X xY — R, g: R* — R", V.fi(z,y)
and —V h;(z,y) exist and are continuous with respect to (z,y) for i = 1,2, ..., p,
fi(z,y) and —hi(m, y) are upper semicontinuous functions with respect to y on Y
fori =1,2,...,p, g is a locally Lipschitz function on X, ®;(x),V;(z) : R® — R are
convex functions on X fori = 1,2, ....p, fi(z,y) + ®;(x) > 0, hi(x,y) — ¥;(z) > 0,
V(z,y) e R* xY,i=1,2,...,p.

Minimax fractional programming problems have been widely reviewed by many
authors and several approaches for sufficient optimality conditions and duality
theorems have been studied under different kinds of generalized convexity, see for
example [1, 2, 5, 8, s s s s , 23], and the references therein.

Liang et al. [17] introduced the concept of (F,«, p, d)-convexity and obtained
some corresponding optimality conditions and duality results for the single objec-
tive fractional problem. Also, Liang et al. [18] extended their results to multiobjec-
tive fractional programs. Ahmad and Husain [1, 2] obtained sufficient optimality
conditions and duality theorems for a class of nondifferentiable minimax fractional
programming problems under generalized (F, «, p, d)-convexity assumptions. Later
on, Ahmad [3] extended the work Ahmad and Husain [1, 2] to establish second or-
der duality results for the nondifferentiable minimax fractional programming prob-
lem under the assumptions of generalized second order (F, «, p, d)-convexity.

On the other hand, Bector et al. [4] defined a new class of function called univex
functions in nonlinear programming, which were further generalized by several re-
searcher, and obtained optimality and duality results for a nonlinear multiobjective
programming problem. Jayswal [1 1] focus his study on a nondifferentiable minimax
fractional programming problem and established sufficient optimality conditions
and duality theorems under the assumption of generalized a-univexity. Gupta et
al. [9] obtained duality results for two types of second-order dual models of a
nondifferentiable minimax fractional programming problem involving second-order
a-univex functions.

Recently, Zheng and Cheng [23] given the concept of generalized (F,p,0)-d-
univexity in the setting of Clarke’s derivative and derived Kuhn-Tucker type suffi-
cient optimality conditions and duality theorems for a nondifferentiable minimax
fractional problem with inequality constraints and its three different types of dual
problems.

The notion of (V, p)-invexity for vector-valued functions was introduced by Kuk et
al. [14], which is generalization of the V -invex function given in [13]. Very recently,
Tong and Zheng [22] introduced the concept of generalized (F, «, p, §)-d-V -univex
functions involving locally Lipschitz functions and established some alternatives
theorems and saddle point necessary optimality conditions for properly efficient
solutions of vector optimization problems.
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Gao and Rong [7] established Karush-Kuhn-Tucker type necessary conditions
for the generalized fractional programming problem (GFPP). Moreover, they also
formulated two kinds of dual models for (GFPP) and obtained sufficient optimality
conditions and duality theorems under the assumptions of generalized (F, «, p, 0)-
V -convexity.

In this paper, inspired from the work of Ahmad and Husain [1, 2], Gao and
Rong [7], Tong and Zheng [22] and Zheng and Cheng [23], we established sufficient
optimality conditions and duality theorems for generalized minimax fractional pro-
gramming problem (GFPP) involving (F, a, p, d, §)-univex functions.

The paper is organized as follow. Some definition and notations are given in Sec-
tion 2. In Section 3, we derive sufficient optimality conditions for nondifferentiable
minimax fractional programming problems under the assumption of generalized
(F,a, p,d,0)-univexity. After utilized the optimality condition, a dual problem is
formulated and duality results are presented in Section 4. Concluding remarks are
presented in Section 5.

2. PRELIMINARIES AND NOTATIONS
Let R™ be the n-dimensional Euclidean space and R} its non-negative orthant.

Forz,y € R",weletr <y y—rcRl;z<ysy—xecRy)\ {0}

Let S = {z € X : g(x) < 0} be the set of all feasible solutions to (GFPP). For
each z € S, we define

(x) ={j:g;(2) =0,j =1,2,....7},
Yz‘(fl?){yey~ fi(z,y) + ®i(z) fl(L z)+cI>( )}

K(z) = {(s,£,§)) € N x R”P x RPX™5 . 1 < s <m+ 1,0 = (t',62,..,17),

th = (t),th, .., 1)) >0, th Lj= (e ),

yi = (yiay27 "'7ys)ayl € 5/1(:(;)’[ = 172a ...,S,Y: = 172a ap} .

Definition 2.1. A feasible point Z is said to be an efficient solution of the multiob-
jective generalized fractional programming problem (GFPP) if there exists no other
feasible z such that

E;(z) < Ei(z), foralli € P ={1,2,...,p},
Ey(x) < E,(Z), for at least one k # .

Definition 2.2. [6] The function f : X — R is said to be locally Lipschitz on X if
for each bounded subset B of X, there exists a constant X such that

|f(y) — f(z)| < K |ly — z||, for all points y and x of B,
where ||.|| denotes the Euclidean norm.

For the function f Lipschitzian on X , Clarke defined the generalized directional
derivative of f at a point z € X in the direction v € R" by

fly+ i) — fly)
5 )

fO(z;v) = limsup
y—
ALO
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Also, he defined the subdifferential (or generalized gradient) of the function f at
a point z by the unique, nonempty, convex and compact set

of (z) = {¢ € R f%(x;v) > €Tv, Vv € R"}.
The elements of 0f(x) are called subgradients.
It then follows that
f°(z;v) = max {gTu|§ € df(z)}, for any x and v.

We remark that when the function f is smooth (continuously differentiable), 9 f(x)
is the singleton set {V f(z)} and when f is convex, df(z) coincides with the sub-
differential of convex functions.

Definition 2.3. A functional F' : X x X x R™ — R is said to be sublinear in its
third argument, if for Vz,z € X

(i) F(z,Z;a1 + az) < F(x,z;a1) + F(x,T;a9), Yai,as € R™,

(1) F(z,7;00) = aF(z,T;a), Vo€ Ri,a € R".

By (%), it is clear that F(z,Z;0) = 0.

To impose the convexity assumptions in the above problem (GFPP), we propose
the following definition. Let f : X — R be a locally Lipschitzand F': X x X x R"* —
R be a sublinear functional. Alsolet @ : X x X — Ry \ {0}, b: X x X — Ry,
f:X xX — Ry such that  # y = 0(z,y) # 0, d : R — R with the property that
d(0) =0, ¢ : R — R and p is a real number.

Definition 2.4. The function f is said to be (F, «, p,d,f)-univex at y € X with
respect to b and ¢, if the inequality

bz, y)olf (x) — F(y)] = Flo, y; ale,y)€) + pd*(0(z, ),
holds, for each z € X and & € 9f(y).

The function f is said to be (F, «, p,d,#)-univex on X with respect to b and ¢ if
it is (F, a, p, d, #)-univex at any point y € X with respect to the same b and ¢. In
particular, f is said to be strongly (F, a, p, d, #)-univex or (F, «)-univex if p > 0 or
p = 0, respectively.

It has been revealed in [22] by means of an example that the above class of
functions is an extension of F'-convex function [10] or n-invex function [12].
Let C be a nonempty subset of X and d.(.) : X — R its distance function,
de(z) = inf{ ||z — c|| : c € C}.

Throughout the paper, we assume that the sublinear functional F' satisfies the
following condition D.

Condition D: Let sublinear functional ' : X x X x R" — R satisfy the following
relation for some

K >0,Kdd,(z) C {6 €R": F(x,Z;e) <0,Vz € X}.
The following result from [7] is needed in the sequel.
Theorem 2.5. Let T be an efficient solution for (GFPP). If (GFPP) satisfies Calmness
Constraints Qualification [6] at T, in other words, for every i € {1,2,...,p}, the

following problem
(P, )i Min Ez ({I? )
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subject to
Er(xz) — Ey(z) <0,k #i,x € S={v e X :g(x) <0},
satisfies Calmness Constraints Qualification at &, then there exist
(s,t,y) € K(z),Ae RP,ue R e € RY,
and K > 0 such that

EEPPY {Zt} (Vafi(@,9) — &Viehi(@, ) + 0®:(2) + eia\lfi(x)}
=1 =1

+ Zﬂjagj(f) + Kdd, (1), 2.1)
j=1

> a;9;(@) =0, 2-3)
j=1
dti=1,t>0,i=1,2,..,pl=12 .3, (2.4)
=1
P
Z)\i = 1,/\1‘ >0,i=1,2,...,p. (2.5)
i=1

Throughout the paper we denote
p s
H()=> X > i {fHiGu) + @) — eihi(y)) + eli()}
i=1 =1
3. SUFFICIENT OPTIMALITY CONDITION

In this section, we shall establish a sufficient optimality condition involving
generalized convexity assumptions discussed in the previous section.

Theorem 3.1 (Sufficient optimality conditions). Let £ be a feasible solution to
(GFPP). Assume that there exist (s,t,y) € K(z),A € RP,u € R ,e€ R ,and K >0

satisfying the relations (2. 1)-(2.5). Assume also that H(.) = Zp: i ZS: e fiC ) + i)
—e;i(hi(,yf) — \I/z())} is (F, a1, p1,d, 0)-univex at T with rZe:slpeclt:ti) bo and ¢¢ with
bp > 0,V <0 = ¢o(V) < 0 and Xr: ujg;(.) is (F,az, p2,d,0)-univex at T with
respect to by and ¢1 withb; >0,V gjg; ¢1(V) < 0. Furthermore, assume

P1 P2
—+ -
041('1:733) 042(.73,1‘)
Then T is an efficient solution to (GFPP).

> 0. (3.1)

Proof. Suppose to the contrary that Z is not an efficient solution of (GFPP). Then
there exists x € S such that

Ei(x) < Ei(%) =e¢;, foralliec P,

Ey(x) < Ex(Z) = ey, for at least one k # i.
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P
Since A > 0, >~ \; = 1, we have
i=1
P

ggx{mﬂﬁxw+¢<>—Mmuwwmmmn}<a

The above inequality together with (2.2), (2.4) and y! € Y;(Z),l = 1,2,...,s,i =
1,2,...,p, yield

ZA Ztl{f@xyl +(I) ) hi(xayl)+ez z }<0
i=1 =1

p S
= N G {fi@y)) + Bi(®) — eihs(®,4]) + e Vi (2)} -
=1 1=1
That is,
H(z)— H(z) < 0.
Since by(z,Z) > 0and V < 0 = ¢o(V) < 0, we get
bo(, 7)o (H (x) — H(#)) < 0.
From (F, a1, p1,d

0)-

0> bo(x, ) (H(z) — H(z))
p s

F (wff on(2,7) )\ Zt?(ff + emi)) +p1d?(0(z, 7)),
i=1 =

V& € Vafi 53,9)‘*‘3‘1) (z),¥n; € =Vh;i (CU yi) + 0V (z )
1=1,2,..,s5,i=12,.
Since o (z,Z) > 0, by the sublinearity of F', we obtain

(m z; Z)\ Ztl §l+eml> W<O,

Vel € Vo i, yp) + 09i(), Y, € =V, hi(Z,y;) + 00i(),
l=1,2,..,8,1=1,2,...,p. (3.2)

univexity of H(.) at Z, we obtain

v

By the feasibility of x and from (2.3), we have
> uj(gi(x) — g;(z)) <0.
j=1
Since by (z,Z) > 0and V < 0 = ¢1(V) < 0, from the above inequality, we get

D> uslg;(e) = g;(2)) | 0.

,
From (F, g, p2,d, 0)-univexity of ) u;g;(.) at Z, we obtain
j=1

+
)
[\V]

ISH

[N}

>

—
8

8
N—
:—/

<C
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m
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Since as(x, Z) > 0, by the sublinearity of F', we obtain

F |z Z’LL]"V]' + P2 <0,Vy; € 89]-(:2),3' =1,2,...,m (3.3)

On adding (3.2), (3.3) and with the sublinear functional F' satisfying condition D,
we get
S

p
T, T; Z/\ th & + ein;) +Zum+Kn
i=1

=1 j=1

P1 P2 2 _
+ (al(xw) + az(%x)) &2(0(z, 7)) < 0,
Vel € Vafi(T,y)) + 0%:(Z), V) € =V hi(Z,y]) + V()

Vy; € 0g,(Z),¥n € 0d,(Z),l=1,2,...,8,i=1,2,..,p,j = 1,2,..., 7.

By the assumption o1 — + P2 — > (, we have
ay(z,Z)  as(z, T)

S

P
a‘:Z Ztl & +eml) +ZUJ’7J+K7) <0,

= j=1

VEl € Vi fil@,y7) + 004(Z), V) € —Vohi(Z,y)) + 0W4(Z),
Vy; € 0g;(Z),Vn € 0dy(Z),l =1,2,...,8,i =1,2,...,p,j = 1,2, ...,7,
which contradicts (2.1). This completes the proof. t

Corollary 3.2. Let T be a feasible solution to (GFPP). Assume that there exist
(s,t,y) € K(Z),A € RP\,u € R_,e € R, and K > 0 satisfying the relations

(2.1)-(2.5). Assume also that H(.) = f: Ai f: iy + @) —ei(hi(,y)) — 9,
()} is strongly (F, 1, 1, d 9)—unive)l<:c:t9? ll,:lih respect to by and ¢ withby > 0,V <
0= ¢o(V) <0and Z u;jg;(.) is strongly (F, iz, p2, d, 0)-univex at T with respect to
b1 and ¢, with by > O V < 0= ¢1(V) <0. Then Z is an efficient solution to (GFPP).

Proof. Under the assumptions of this corollary, we know that inequality (3.1) holds.
Therefore, T is an efficient solution to (GFPP). O

4. DUALITY MODEL

In this section, we consider the following dual for (GFPP) and establish weak,
strong and strict converse duality results.

(GFMD) max sup e=(e1,e9,...,ep) 7,
(Svtay)EK(Z)(z,)\,u,e,K)€H1(s,t,y)

subject to

OGZ/\ Ztl{v fi(z,y) + 0%4(2) — e (Vohi(z,y)) — 0%4(2)) }
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+) " u;0g;(2) + Kody(2), @.1)
=1
p s ] ‘ ‘
DN i {filzyh) + ®i(2) — e (hi(z,y)) — Wa(2)) } >0, (4.2)
=1 =1
> uigi(z) =0, 4.3)
j=1

A=1L,A>0,e>0,u>0K >0,
i=1

where Hi(s,t,y) = {(z,\,u,e, K) € R™ x RP x R" X RP x R}.

Theorem 4.1 (Weak duality). Letx and (z, A\, u, e, K, s,t,y) be the feasible solution
to (GFPP) and (GFMD), respectively. Suppose that H(.) = zp: Ai i: L fi ) + @)
—e;(hi(.,y)) — Wi()} is (F, o, p1,d, 0)-univex at z wit;L:;esplei:lt to by and ¢y with
bp >0,V <0= ¢o(V) <0and i u;jg;(.) is (F, g, p2, d, 8)-univex at z with respect
to by and ¢ withb; >0,V <0 j:?(jﬁ(V) <0, and

P1 P2
> 0. 4.4
ar(z, z) + ag(x,z) ~ (4.4

Then the following can not hold:
Ei(z) <e fori=1,2,...,p,

and
Ey(x) < ey, foratleastonek € {1,2,...,p}.

Proof. Suppose to the contrary that E(z) < e, then we have

P S
DoAYt {filwyl) + i(@) — eshi(w, y) + eVi(2) } <0
i=1 =1
The above inequality together with (4.2) and yl2 € Yi(z) for l = 1,2,...,8,1 =
1,2,...,p, yield
p s . . .
YoN Yt {filw ) + Rilw) = eshil,yi) + e¥i(2)} <0
i=1 =1
p s _ _
<D N i {filzyh) + @il2) — ez, y)) + eiWi(2)} -
i=1 =1
That is,
H(z) — H(z) < 0.
Since bg(z,z) > 0and V < 0 = ¢o(V) < 0, we get
bo(z, 2)¢o(H (z) — H(2)) <O0.
From (F, aq, p1,d, 0)-univexity of H(.) at z, we obtain

0> bo(, z)do(H (x) — H(2))

P S
> F <x,z;a1<x7z> S dE + emn) + 1 d(6(, 2)),
=1

i=1 =
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1=1,2,...,81i=1,2,...,p.
Since a1 (x, z) > 0, by the sublinearity of F', we obtain

P s 2
SN : p1d*(0(z, 2))
F . X 1/ )
(w7 ° i=1 . =1 f (gl " eml)) ! a1(z, 2) =

VE] € Vafiz,y)) + 0%i(2), V) € =Vahi(z,47) + 0Wi(2),
1=1,2,...,8,1=1,2,..,p. (4.5)
Utilizing the feasibility of x and (4.3), we have

> ui(gi(x) — g;(2) < 0.
Jj=1

Since by (z,2) > 0and V < 0= ¢1(V) <0, we get
bi(w, 2)dr [ Y uylg;(x) —g;(2)) | <o0.
j=1

T
From (F, aa, p2,d, 0)-univexity of ) u;g;(.) at z, we obtain
j=1

0> by(x,2)¢1 | D uilg;(w) —g5(2) | = F | 2, 2500(2,2) > uymy
j=1

j=1
P05, 2)), Wy € 0g5(2), G = 1,2, r,
Since as(x, z) > 0, by the sublinearity of F', we obtain

p2d®(0(z, 2))

< ; i =1,2,...,r. 4.6
CYQ(J?,Z) — Oav’}/j 6 89](’2)’] 9~y ,T’ ( )

T
F |z Z u;y; | +
j=1

On adding (4.5), (4.6) and with the sublinear functional F' satisfying condition D,
we get

=1 =1

+( PP >d2(9(x,z))<0,

P s r
F x,z;Z/\ith(fli +eamy) + Zuj’)/j + Kn
j=1

ar(z,z)  as(z,2)
Ve € Vafi(z, 1) + 0%i(2), Vi € =Vohi(z, ;) + 0W4(2),
Vvy; € 0g;(2),Vn € 0dy(2),l =1,2,...,s,i=1,2,...,p,j = 1,2,...,7.

P1 P2
ar(x,z) sz, z2)

By the assumption > 0, we have

P S ™
Flaz) XD (& +en)+ Y upy+Kn| <0,
i=1  I=1 j=1
Vv, € 0g;(2),Vn € 0dy(2),1 =1,2,...,8,i=1,2,...,p,7 =1,2,...,1,
which contradicts the relation (4.1). Therefore the proof is completed. U
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Corollary 4.2. Letx and (z, A\, u,e, K, s,t,y) be the feasible solution to (GFPP) and

(GFMD), respectively. Suppose that H(.) = i i XS: L yh) + () —ei(hile,y))

—U,;(.)} is strongly (F,al,pl,dﬁ)—univef;lat ,lz:1with respect to by and ¢g with

bp > 0,V <0 = ¢o(V) <0 and il u;jg;(.) is strongly (F,az, p2,d, #)-univex at
=

z with respect to by and ¢ withby > 0,V <0 = ¢1(V) < 0. Then the following can
not hold:
Ei(z) <e;, fori=1,2,...,p,
and
Ey(z) < ey, foratleastonek € {1,2,...,p}.

Proof. Under the assumptions of this corollary, we know that inequality (4.4) holds.
So, we get the corollary from Theorem 4.1. U

Theorem 4.3 (Strong duality). Assume that ¥ is efficient solution to (GFPP) and
let (GFPP) satisfies Calmness Constraints Qualification [6] at . Then, there exist
A€ RP.u€ R, g€ RY,(51,9) € K(Z), and K > 0 such that (z,\,4,¢, K, §,1,7)
is_feasible solution to (GFMD). Further, if the hypothesis of wealk duality theorem 4. 1
holds for all feasible (z, \,u,e, K, s,t,3) to (GFMD), then (Z,\, 4, €, K, 5,1,7%) is an
efficient solution to (GFMD) and the two objectives have the same optimal values.

Proof. By Theorem 2.5, there exist (3,%,7) € K(Z) and (Z,\,u,¢, K) € H(5,t,7)
such that (Z, \, 4, €, K, 3, %, ) is feasible for (GFMD). Since (GFPP) and (GFMD) have
the same objective values, the optimality of this feasible solution follows from weak
duality Theorem 4.1. O

Theorem 4.4 (Strict converse duality). LetZ and (z, A\, u, e, K, s,t,y) be the feasible
P s ,
= Zjl Ai lz:l iy {fi('7 ylz)
1= =

+@,;(.) —ei(hi (., y)) — \IIZ())} is (F, a1, p1, d, 0)-univex at z with respect to by and ¢g

solution to (GFPP) and (GFMD), respectively. Suppose that H (.)

withby > 0,V < 0= ¢o(V) <0and > u;g;(.) is (F, oz, p2,d, §)-univex at z with
j=1
respect to by and ¢, withb; >0,V < 0= ¢1(V) <0, and let the inequalities
L o — i - — i -
(a) ;)\i l; ti {fi(@,y]) + ®i(2) — ei(hi(Z,y]) — ¥i(2))} <0,
P1 P2

b

O i @@
hold. Then, * = z; that is, z is optimal to (GFPP).

>0,

Proof. Suppose to the contrary that Z # z. By the feasibility of Z and (z, A, u, e, K, s,
t,y) to (GFPP) and (GFMD), respectively and the hypothesis (a), we have

STND B fi@ ) + i) — ei(hi(T, ) — Wi(z)} <0
=1

=1 =

XDt {filz ) + @i2) — e (haz,y)) — i(2)) }

=1 =1

P
<
1=

and

Z u;(9;(%) — 9;(2)) < 0.
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That is,
H(z) — H(z) <0,

> ui(9;(®) = 9;(2)) < 0.

Since by(Z,z) > 0, b1(Z,2) >0,V < 0= ¢o(V) <0,and V <0 = ¢1(V) <0, we
get

and

bo (7, 2)¢o(H(7) — H(z)) <0,

and
S uilgi(@) - g5(2)) | <.
j=1

,

From (F, a1, p1,d,0)-univexity of H(.) and (F, ag, p2,d, 0)-univexity of > u;g;(.)
j=1

at z, we have

0> bo(, 2)o(H(T) — H(2))
Z F( Z)‘Z t gl +6277l ) +p1d2(9(5§7z))7

=1 =1
Vel € Vafi(z,y) + 09i(2), V) € =V hi(z, ) + 0%4(2),
l=1,2,...81=1,2...,p,

and
-
0>b1(z,2) Zu] 9i(Z) —gij(2)) | > F i,z;ag(i,z)Zuj’yj
j=1

a0, 7)), Vi € gy(2). = 1,2,
Since a1 (Z, z) > 0, a2(Z, z) > 0, by the sublinearity of F', above inequalities imply

prd*(0(z, )
(I & ;)‘ Ztl & + e} ) m<07

vfll € mez(z7yl) + a(bl(z)vvnl € _VIhl(Zvyll) + 8\I]Z(Z)?
1=1,2,..,8i=12 ..p, (47

and

o~ p2d’(0(z, 2)) .
Flzz Zuj’yj + T oa(@7) <0,Vvy; € 9g;(2),7=1,2,...,r (4.8)

On adding (4.7), (4.8) and with the sublinear functional F' satisfying condition D ,
we get

F|zz Z)\ Ztl &+ emp) +Zu]’yj+Kn
i=1 =1

P1 P2 ) -
" (al(f,z) " a2(ff,z)> d*(0(z,2)) <0,
VEi € Vafilz,i) +02i(2), V”f € —Vohi(z,y)) + 0¥i(z),
Vv € 0gj(2),Vn € 0dy(2),1 =1,2,...,5,i =1,2,...,p,j = 1,2, ...,7
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By the assumption p1 + p2 > 0, we have

a1(Z,2z)  as(T,2)

p s r
Flaz,z) Ny & +em)+ > uiy+Kn) <0,
=1 j=1

i=1

V& € Vafi(z,yi) +0%i(2), Vi € —Vahi(z,) + 0¥4(2),
Vv, € 0gj(2),Vn € 0dy(2),1 =1,2,...,8,i=1,2,...,p,7 = 1,2, ...,
which contradicts the relation (4.1). Therefore the proof is completed. 0

5. CONCLUDING REMARK

This paper addressed the sufficient optimality conditions for generalized min-
imax fractional programming problems involving generalized (F, «, p, d, #)-univex
function. For the class of problems, we formulated a dual model and proved weak,
strong and strict converse duality theorems. The question arises whether the sec-
ond and higher order dual and duality theorems for the considered problems hold.
This would be the task of our forthcoming works.

Acknowledgment. The authors are thankful to the anonymous referees for their
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