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Abstract

At present, farmers are facing problems with increasing production costs, agricultural labor
shortage problems, lack of technology and most of the products are not of standard quality. This
research has studied and developed a smart farm system for the automatic feeding of dairy cows. By
bringing knowledge of information technology together with intelligent electronics to develop a smart
system for feeding dairy cows in-house. This research has applied Al to image processing to analyze
the current cow status and the positioning of robots in the cow house. The main purpose is to
improve the efficient feeding and minimize the energy consumption of the smart farm system for the
automatic feeding of dairy cows. The experimental assessment results of the image processing
efficiency for the analysis of the current cattle state showed that the MobileNet technique was the
most suitable for the application. It has the smallest size of 14 megabytes, has the fastest response

time of 0.001 seconds, and an accuracy of 97.22 percent.
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